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Algorithmic Governmentality and Its Challenges to Rule of Law

Abstract

This paper explores the issues of the application of fully automated decision-making
in the public sector, with a particular focus on the data-driven decision-making
revolution brought about by machine learning-based artificial intelligence (Al) and its
impact on the principles of the rule of law. The paper argues that understanding the
potential and threats of Al requires distinguishing between "imitation-based" and
"correlation discovery-based" Al systems. This distinction helps to recognize the
limitations of different Al systems and to identify applications compatible with the rule
of law, thereby avoiding genuine threats to fundamental democratic values. The paper
asserts that imitation-based machine learning systems, after sufficient training, can
overcome the barriers of teleological interpretation in legal application and possess
the ability to mimic various forms of legal reasoning. The use of such imitation-based
Al in fully automated legal decision-making may be conditionally compatible with rule
of law principles. On the other hand, correlation discovery-based Al, by uncovering
hidden patterns and continuously generating new reasons for intervention, could lead
to an expansion of power in the public sector that exceeds the control afforded by

current rule of law principles.

Keywords: fully automated decision-making, artificial intelligence, rule of law,
teleological interpretation, explainability, correlation, causation, profiling, difference-

making facts, reasons for action
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ERH S EENE TR ERE T LEUT (e-Government ) HYFEEL H
L HFrdl S EEN LA (automated decision-making ) J& /7 2L A B FTE
B R B ER PR 22 - (H2 BB LASRIE S IHIE A A EEE N
AR A B R AN R BRSPS - Al —(E R PR - 1

RV RIALE B 2R H B IR AR ST ~ BT = B B B R I 2 R AR

- BEYHEARZE - AR ETUCE 2 S  HEEcR T EE HE# LR
o MOAREHIRNHEAESE > HinE 2k WEEEERARGM " RIS
FHEEEAEMS ) 2 TEHES ) AR > Aemme "3, Hil. ) i—¥—%
HRAGRGEA T - B AR EAEFAAIEVFESC (pre-programmed rule ) FERIEfE
EHHARERY R S HEERY (deterministic ) JAE » MEEBEFMOET TEUR AIHY 2
K o HRBUTBREFASE 96 REF 1 THER 4 FUEE 97 5585 3 THFT iy " DLEE)
WEsER 2 1T EUR 77 BB R E B b E © DIFRI A 2EHE | (rule-based ) 1Y
EHBEYLAR » A N R E A B 8L - FEERM > BERARE

( Court of Justice of the European Union, CJEU ) {EZ8FE M KB EHE S 3K &1
BAE [T FHRTIIRZ 4E % (Passenger Name Record, PNR) #E1T HE{EH] » DATHP
BRI R SR AR T TS E R ) (pre-
determined, predefined ) #E{TELEHIHEN LR » BT EBEIEEAAEN EE IR
Pl A\ SERCOBRERVER - ke 225 M0y B a LR frsers - °

BS—J7H - N TSRS IIRVEE a2 E A B LR 24l
EAIRAIMHEAM: - HR s EEEEIRRE « EREIINRE ARV E R EZH
$Z Cary Coglianese B L [E[H3%E Steven M. Appel BI3E 5 » fiEimfe IEETET
ORI ~ BRALEARE ~ R (- REIR R A T e e - e AN HEN L

VA R EEE TR @RIAE BTSRRI BN LR AL TR R R AR T E
IAMNERREE TERE) , BV EEBMLAR AR -
2 See Markku Suksi, Formal, Procedural, and Material Requirements of the Rule of Law in the Context
of Automated Decision-Making, in THE RULE OF LAW AND AUTOMATED DECISION-MAKING: EXPLORING
FUNDAMENTALS OF ALGORITHMIC GOVERNANCE 65, 71-79 (Markku Suksi ed., 2023); Mireille Hildebrandt,
Algorithmic Regulation and the Rule of Law, 376 PHIL. TRANSACTIONS ROYAL SOC’Y A: MATHEMATICAL,
PHYSICAL & ENGINEERING ScCl. 1, 2-4 (2018) ; Monika Zalnieriute et al., The Rule of Law and Automation of
Government Decision-Making, 82 MODERN L. REv. 425, 433-34 (2019).
> HTREEE - sm e EEERCZATBUE Y » WO ¢ EZRERGR 0 2017 fTEBUERIE TR | ITEBUET
7420 H 213 (2023 ) -
4 Directive (EU) 2016/681 of the European Parliament and of the Council of 27 April 2016 on the use
of passenger name record (PNR) data for the prevention, detection, investigation and prosecution of
terrorist offences and serious crime.
5> Case C-817/19 Ligue des droits humains ASBL v Conseil des ministers, ECLI:EU:C:2022:491 (Judgment
of June 21, 2022).
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FRENAREL A AR BB AT o SIbsh » BRERFR T1E T —RE & RaERAAN
(GDPR) 5 22 5L " AR7r A A R #EBC 2 HEMEHRSR (“a decision based
solely on automated processing” ) HY{E AMEFIRERT] - JFAI B EH B LR
R BN - By B B R 22 A B B LA SR AN ] B E T AT 2 B R )
HYER SR » B2 EBURNAE 2022 FERKK [ 55 BB G He a1 T BURR P A BT A &
A (Public Information Management Act ) WS ARIVEIEREZEF » BIRNH
fRPR IS DARR R B BB VR E 5l » SURs R E (0] B B LA SR FETF S A R
F - AEEFZEEARTACER 2 BB - FEEH TR H BRI £
G BB B E R R raat s o WWEORERASI A STRITHEYLRSR
ZIRGEHIE - 72021 FEHESERE G AR A TREEARE > e
e TR\ TS0 A BFTHEN A T EE 240 » SRR S E g
FEAE ~ BB A R EEN A THE 24 (“in researching and
interpreting facts and the law and in applying the law to a concrete set of facts.” ) -

Y Rz m EE RIS b - PR —EE L

fmset > 2 HEEARAE LB PIVIE R EEA S A A S B

B SRR AT RS TR RV > BANE R 28I AoKE - H
fEAEHEEEEN LRG0 - 2800 AH B T REAY S e B A SR S U7 B
AR BREME R VRSN AR AN TR SRR O H I B A BEUA T FH R RE
71 UREFEFREATLES 2GS EEEMSEE  EITHRA
IITEIRAVEE - M ERTARA TR BAMGEHERE T A, BT A
AR AR AT EE ARG TR AZEN T iR - Wi~ EA M
AR EIERE ST © Y7 AEALE SRR R RAEIRTE
(B AN TRES - SRS ERHARHIIEE) - MR R P EE HE
AR RSB > REEAS LRBEREAEZER - FEEAET
B EIRAVPER - NI EL R G R AT RN R RRE (& -

6 Steven M. Appel & Cary Coglianese, Algorithmic Governance and Administrative Law, in THE
CAMBRIDGE HANDBOOK OF THE LAW OF ALGORITHMS 162, 168-79 (Woodrow Barfield ed., 2020).
7 See Tuomas Poysti, Legislating for Legal Certainty, with a Right to a Human Face, in an Automated
Public Administration, in THE RULE OF LAW AND AUTOMATED DECISION-MAKING: EXPLORING FUNDAMENTALS OF
ALGORITHMIC GOVERNANCE 33, 49-57 (Markku Suksi ed., 2023)
8 Proposal for a Regulation of the European Parliament and of the Council Laying Down Harmonised
Rules on Artificial Intelligence (Artificial Intelligence Act) and Amending certain Union Legislative Acts,
annex |, COM(2021) 206 final (Apr. 21, 2021).
° Proposal for a Regulation of the European Parliament and of the Council Laying Down Harmonised
Rules on Artificial Intelligence (Artificial Intelligence Act) and Amending certain Union Legislative Acts,
annex Ill, COM(2021) 206 final (Apr. 21, 2021).
0 BRIARE - VIR EHEVRERE AR A TR E RS EN TR - UG © 2R - AR SR
HYEREAY - 5 225-299 (2020 4 ) (LATAGMERRIARR - EAVARRER) -
WOBRGLE o AEATLEBNEATENE ¢ HETHEIR - SUARHRIEULAEIT - BISETE 0 52 4% 2
1 > H 175-245 (2022 ) (LA EREREARR - 7AEHR) -
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iRt as R E R A TS AMAVEIERE ) (BHEIR) - thefd 1 ikes A AR
NLEZRGENR BRI ARATHRE - fHEH - ASCEIREL TG ) Ry Ry
eI N TR S A ES R R R EE - 2/ D ARERRAEEEIL
b BAEEGEE HIVBREEN Z SRR IVEE T o DL T
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iy TEE ) CERBUSEE) - HAEAHMIEM LR RIVE DR R AE
JE R HIE B A D FrREFZEfIA Y FEE - 12

AR DUT SR 2 67 4% e B2 TN T2 A B BB B S
(tacit knowledge ) EHYRET] @ RIS EEE R AN T E Lo 2 T H AV
FERRIE o IRt RARE SRRy S R B R Rs - B s 0 B T4
EmaaHVGER 5 3 HiAIE T TR AR A TEELRRELENHE
ROFFE R0 OTRE 25 4 EAIER R TAHRAMESR R | A TRE L4 sRIFE
THERENNY G BRI AR A R B AN T2 (AR ERY SR b R 22
HEGEREMNRANS - FUILRAEEE > o8 THEIMEEER ) A TS LRG0
A BT AR SR Bk -

R~  ERATESETAEERH SRR RER

FHEAELE " g H B AR A T E 2 2 EAAEE | —0d - E3l
B A RN T E LG AT RE e R B A AR > WL ARy S A
7 |, ( computational models of legal reasoning, CMLRs ) {F ks ELtaEGAIRERY -

— > BRI EAREE

CMLRs DA EETIAEE BAY T iAESR S EISHEAY | (computational models of
legal arguments, CMLAs ) » ‘E5REAR: A B AEHERE Slamaaiy P Ui s Dlan i
# i ARV BRI GE S (CMmast i AR SN A B T HE iz
M AV EEA - 13CMLRs (BEIFE B FEEAEREESATEE T - —2

2R TSR, AT TAEREME ) SRR A TERIE ) KRR - 552 RESKE > IR
IS R AT B AR ? — Al (YWTEAE TR E MR AT PRE - Wit © R ~ MOUR
& NS EHIESSIE Al PER - H 285-299 (2022 4F) -
B OBRGAR - HEVA#RRE (51 10) > H 229-231 -
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" HERE | R BRI SEAE N FERAE BRI EEET
P TAEED ) BRI AT A 2 M B — (I - S
CMLRs R ESIENX S ([ AR S EASNHRZE (AR
1) AGHEEN " EERS - SRS - HOVELFE - THEMMERREN AE
WNVEIE 2 A o WA R B ISR AR AT H R B (A R Y EE A E
A o VEREAEDE Ry » CMLRs MEA G A3 T H VRN Emse o= 7 sefk
CRIERER HrvfgRE =0 (HIVRRRRnVRRE M ) > A E B EREr B 0vigrE 7 =0
A HeEMECRAERE A H M IEMERTSCAERENESR (HonvHHEME) - » Tg
B SR H Y B H R B ET N > CMLRs B2 R SE it & i H i fE

IR R ATRER )

o/ 32 141H S 955 H.L.A. Hart, Robert Alexy Eil Lon L. Fuller 2318

s AR AT B VAR Y P B s s T U T SRR B AR AR 1R S A
fihii > WAL ERET CMLRs fEAVE _LfEZeny T HVERERE | o M%) CMLRs 1Y
MLEEEAEE - (HHEE CMLIRs MR 2 A E AN TEE RS 2 fE— %R
MAETHEA] » ATZMEGE M A N TR B RGWRHER N R | - #:H GHERTE
RNV EE R AR LUERIBRE AT 8 NIRRT RN T2 247 © 1%
e ERALEE N TR E 2 EFEEI AN BB A A s~
THZBE S REFRHLHIA TR - BCEL IS AR SO e 20t ERT i PR M AH R 2 & ah
HYERFHEIEE (information retrieval) » AlISE )¢ HRE NE T A BRIVAET
5 o VIR » B DU TN W{EEEE - B PR AR RE (5 T s E R AR A T
= SIS

B TREMREREE T AVEME ) B T SRR ERE HEY ) ERREE
IR > ATENIER R BB EA: o BLAIETRIRE S RE T SR IR SR THY
FEE > BLRME R REE RAE R 22 R IR THY B A AR S BE s > SRR
R B BB RS T A B IRIE N AN 7 =0EE > Siel R Bl T A RE R A
i EEFRENHEY - FEfEH > E AlphaGo EHEFEEE ) (brute force) 1A

" BRGAR - HEVAREE (51 10) > H 236-253 ¢
©RGAR - HEVAERE (51 10) > H 259-260 °
1 BROARR - HEVARRE (51 10)> H 264
Y OBRGAR o HEVARRE (5E10) > H 228~ 230 -
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1BIRAREE T 2% B R ERTBIFTAE & A KRR R 4ERE (% TS IRReS th
{727 (context-learning networks ) » [ IFE ] /D&y dd 28R Fr gy R
AL BIAAEHH KA EBEARMEN RS - OHIE > Me2E R AT
HEAFISREE B - WA g RERNIE{LL Donald Berman Ei Carole Hafner Fft
= (AR A S A Z O ATE YRR (B & SERITTR - 2
BEAE NI - BEREFENME - B8R PERERTR) » 2KET
bri BaRan - LB A= SR AT B REE - et BRI ERHikH %

18 B BARPr AL R EEE T 5 S L HARRY M. COLLINS, ARTIFICIAL EXPERTS: SOCIAL KNOWLEDGE AND
INTELLIGENT MACHINES 4 (1990).
% Hubert L. Dreyfus, Response to Collins, Artificial Experts, 22 Soc. STUD. Sci. 717, 724 (1992).
20 ) BE F NEE S P A AR P o TR P TS AR B B > R A
JORIEY H AARE = T - [E T EUERI R ZEAIRE - B R AN T ERFNIERE - Bikes2E K
FEEEHERMERN AEBZAGES - (&I MR DA 2 fd R RE P H 8V S e S R
&&rh > YT NS U RE S T S IRES TR B P AR AR A R RE R R R R 1 > R E R 5 B
BUATRA AT T INERIE, | (explicit knowledge ) » ARE IR B ARE S L FE&RATES
AREAY T EREAIEH  (tacit knowledge ) o BEFY NERAERIZRERLEE S ~ EIEMRI(R > 552 RELSC
B - 85 TR N TR R R T B A A S R BRI PR Eill ~ BBt Erse SO A EE
Wy © R R AR EEBHIE R EEA > H 135-166 (2020 4F ) ©
21 5/ {E L Donald Berman Ei Carole Hafner fiif22(1y Pierson v. Post, Kebble v. Hickeringill, Young v.
Hitchens —{EZE {4 Ry 5 > ERBAEIRES KB AL BRIV - FAEEZ N EIMNRHE > MR
ERNZE AR EDARR AR EE > AR EFELE A0 [EI S0H 25 BIER E{T
[ 2 AN 774 - BESAfE - HAVAERE (5% 10) 0 H 241-245 > #H5] Donald H. Berman &
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Carole D. Hafner, Representing Teleological Structure in Case-based Legal Reasoning: The Missing Link,
in ICAIL"93: PROCEEDINGS OF THE 4TH INTERNATIONAL CONFERENCE ON ARTIFICIAL INTELLIGENCE AND LAW 50, 50-59
(1993) -

22 Tom B. Brown et al., Language Models are Few-Shot Learners, ARXIV (July 22, 2020),
https://arxiv.org/pdf/2005.14165.pdf.
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24 See Pengfei Li et al., Pre-train, Prompt, and Predict: A Systematic Survey of Prompting Methods in
Natural Language Processing, 55 ACM COMPUTING SURV. 1, 26-27 (2023).
%> See Pranab Sahoo et al., A Systematic Survey of Prompt Engineering in Large Language Models:
Techniques and Applications, ARXIV (Feb. 5, 2024), https://arxiv.org/pdf/2402.07927.
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26 Ghen v. Rich, 8 F. 159 (United States District Court, District of Massachusetts 1881).
27" See RONALD DWORKIN, LAW’S EMPIRE 45 (1986).
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REFRR A EEE AR RIER o 2204 > ChatGPT S5 KIUEE S AT Z DL —MESHI
HVE R R BT 52 > NEARFF RIS BRI . SO TE Y - RARERER IS
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B ENAEATEHE LGRS T B0V | WIER R 2RI TIRE -

30 FRACBHUA S > EREIIE 7 AR H A ChatGPT 2 A EmIEAE IHVBIF- » 1722/ Jonathan H.
Choi et al., ChatGPT Goes to Law School, 71 ). LEGALEDUC. 387 (2022). ({EE(FERBEERENEE
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FARE Gy » ARl A alE A BIRRE T BHE AT RBIEZ A RS EDK -
YRR A NEEEENE SHEREESS > A—MHNE - 25 —Hh
EaRESH E RS E B IE - A (AN (RbE(E ARER BT A A AR
EMEIRAT (rule of law ) » 7752 85 B ¢ B\ REIRA (G ED A G B R Al

(Rechtsstaat ) » £ R5EEEEEY K - 33

A GRS BN B R Y SE R AT A S YR E - A o 7
BOAFERGSER B ILER S DREEEERMENAENS - BONEEg
( Council of Europe ) HYH s MEehsmaHsk " WOMLLE GER EZAE | (European
Commission for Democracy through Law ) » ¥f& 5 " EEHFZ B | (Venice
Commission ) » 7F 2012 fEFfZ AV A G LT - 32 —(EA RIS S -
RIBEEEZ B giVEs » A eSS ELZE RS

(1) &AM © B DEAREH A BN R E LA PRl Er AR T
B NIEEAE ZATEERARE - miE AR ARG 2 E]
BREl > TR A] RERYEEEIN FE g T -

(2) JEEEHAMENE  JRERLAIANE - AR —EL - (B A JRRETE 1] TH AR
TNEAEHE > AMEEAEREEE -

(3) ZIEXE - HEERAITEAGEE LN -~ AoHsERd -

(4) EARCE © EEREEEAHIE AFERE R BIL A IERYEARUR Al AE ©

(5) BEMEF A © BUAGHBERI SR P AR - BEs K80k - BB
oK - TS EBHIVEAESEE - RVEETE - ARIENSH R
T~ AROBOK ~ MESEHEE - APEHAE -

31 See Richard H. Fallon, Jr., "The Rule of Law" as a Concept in Constitutional Discourse, 97 COLUM. L.
Rev. 1(1997). fHEEH S /48 0T2 BHEAMR > A6 E (5 11) 0 H 205-212 -
32 Brian Z. Tamanaha, A Concise Guide to the Rule of Law, in RELOCATING THE RULE OF LAw 3, 3-16
(Gianluigi Palombella & Neil Walker eds., 2009).
3 Jens Meierhenrich, Rechtsstaat versus the Rule of Law, in THE CAMBRIDGE COMPANION TO THE RULE OF
LAw 39, 39-67 (Jens Meierhenrich & Martin Loughlin eds., 2021).
34 Venice Commission, Report on the Rule of Law, CDL-AD(2011)003rev-e 9 41 (Apr. 4, 2011).
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AR 28 T S B EE2E RN LB LSRG EAEEnE - £ E
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35 See Markus Naarttijarvi, Situating the Rule of Law in the Context of Automated Decision-Making, in
THE RULE OF LAW AND AUTOMATED DECISION-MAKING: EXPLORING FUNDAMENTALS OF ALGORITHMIC GOVERNANCE 15,
15 (Markku Suksi ed., 2023); Markku Suksi, supra note 2, at 65-69. See also Catrina Denvir et al., The
Devil in the Detail: Mitigating the Constitutional & Rule of Law Risks Associated with the Use of
Artificial Intelligence in the Legal Domain, 47 FLA. ST. U. L. REv. 29, 70-86 (2019); Ciprian N. Radavoi,
The Impact of Artificial Intelligence on Freedom, Rationality, Rule of Law and Democracy: Should We
Not Be Debating It?, 25 Tex.J. C.L. & C.R. 105, 115-19 (2020).
36 See, e.g., Yannick Meneceur, Artificial Intelligence, Public Administration, and the Rule of Law, in
THE RULE OF LAW AND AUTOMATED DECISION-MAKING: EXPLORING FUNDAMENTALS OF ALGORITHMIC GOVERNANCE,
117, 130 (Markku Suksi ed., 2023); Poysti, supra note 7, at 43.
37 Meneceur, supra note 36, at 134.
38 See Lena Enqvist & Markus Naarttijarvi, Discretion, Automation, and Proportionality, in THE RULE OF
LAW AND AUTOMATED DECISION-IMAKING: EXPLORING FUNDAMENTALS OF ALGORITHMIC GOVERNANCE, 147, 158-160
(Markku Suksi ed., 2023).
3% Meneceur, supra note 36, at 131.
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ZAT ] REFIE N WIENIT © | Venice Commission, supra note 34 942 (“the law cannot be violated with
impunity. Law should, within the bounds of possibility, be enforced.”).
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BUSRETT > WIPER T BAEECEE R, LM - i o T BB | RS L
PAKENG ~ FIRE S FE AR B AR PRV 555 - [N DR =2 HEk , iE(E
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sl ATEA LB S RMHATIEE - WIEA REZIE T R ARHTRUERER - Bl
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© BREAE > REES (RE11) 0 H 193-195
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PR SR E N TR E TN e F—E BRI 7% > 52 A 28 -
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PRI N TR LG - BIHOASCATRELL T80 | Rotas BB AL AR A
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(explainability ) JERIAREHE ST AN TR LRGHIRTE - (250
EATEELASHER L GHETEAVEERE -

50 Jennifer Earl, Parking Officer Takes Pity on Driver After Finding Handwritten Note on Windshield,

CBS NEWS (June 12, 2017), https://www.cbsnews.com/news/parking-officer-pardons-driver-after-

finding-this-handwritten-note-on-windshield/; FiE— > (KB AIU=) BIESIEZ IS 2 B

ROETE AT RE (418 » K &St » 2017 46 H 26 H > https://www.cw.com.tw/article/5083354
(i8I 20241 H11) -

51 Enquist & Naarttijarvi, supra note 38, at 148-49 -

> HIEE - A TSNS ARE—REE B AR 4 arid sk - WOk« 2EHa4 - A

TSR A RS > H 215-241 (2018 4 ) ©

>3 HEIE (5F52) H 232-234 -

5% FRANK PASQUALE, THE BLACK BOX SOCIETY: THE SECRET ALGORITHMS THAT CONTROL MONEY AND INFORMATION 3

(2015).
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A > WA BEKEHATS OB R AV HER TSR AR - TR 3K
AR A AR EUS B B (AiEd s A E A EEFEEH)
A PITE AR M B I » FRAPISEPR n] S ER T [R5 BRI S A B A AR A E
HBE—EER - [HEEERIIHERR - R eI EEDROAR N A
PEFRHEE o MRHFYAHALMAG L DagryHAL " ESEERE ) [zl e
HEFTFEAZHINE

[ SR A A A TR _EAYSRE S 5 BEZAA BARE A S L VA T P Ay

TINERAERRE ) o RIMECEIRER R E ADAER N TR B A S A F I RE 5
R IR PN BRRE T AR5 B & H HOBRRE N 2 S5 f e i S R EBR T IR mI AR
M BEEERATAZBAREEZE LETENE o BRIGRT BRIV EELE A
EEROR TR AV ORIEIT S - REAELLIRAR AR TR OsE 2 Bl | fe Ot
e A EFT IR HEmER T > JERE e - HIETREE iy s B AR
NLEZZGEGEHEN N EHEE 5 - EEERREmiEEne " F5E
17 HURREE - AOGE Ry WGSBS AR U A R A
& ZIRENRREFEFVE " ERATEELSHIThREEER - K H
B UMHBAMESRHRAL ) A TR EASAVEAIFTEL - T HEAMEREA , N TEEARM
PR T EIBERER T BT 24h - IR ASARRAE T AN RARE , TUENERG
WA TR JERA TR BRSBTS
st -

I~ ERLGM R R EEBE R B LB ERE

TR TERATLEE LRGN E TR ENEREECE - (FRE
BB AR RO A AR HE S S SR A - sl n] B e Rt SR

55 Cary Coglianese & David Lehr, Transparency and Algorithmic Governance, 71 ADMIN. L. Rev. 1, 32-38
(2019).
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HELMRTRERE LG MERE - tREFEE T TR | (rule-breaking) 4
EEEESCHHEE(RANEE ) o TR | A TEER AR B R S T R A
FESERYAEENE (human on-the-loop ) » LR T~ FH AJSR & AL R4 MR
B EREITH GRS o

B - MRS TEE RGN ERRREARE R GHkER
MEREREER T A DI ER " AEEEE | (ground truth ) B E s » BN
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Hh R i B 2 A RE 1 28 i A AT T TROHITES > 0T RN S RN [EI A5
5 o Bl - e Lt EETERAA A SyRl RS EEEER ~ SR R A IRE
HEER A PRI R s iR B AR R BB R E B B S8 R E R B N AT
Fy ~ SOBEMEIS DL iBorderCtrl NGBS ME A& DRI T B IR ~ O RETEE T
BRI RS 57 5 h i A BT Byt Bl EE B R Suptech 25 > SR —1f
B o 8H R AR N T 2R R P sm i ROV LT Z24% COMPAS > S2EfEZR
AIELAE RS A2 T e 22 TP L el seMEnE DL - 2 BAlifikiE A T
PR 137 {E & E SIEE TR T TR R o (BAE AR SR E YA B M 28 e A2
T o TR A AN TR e A - MRS RN TR E A 2 AR
(BN eal i e e SO B oy o R e e /AN M v on = e e e DA S L
15 o LLTENE FTRES S AN TR EB N 520 0 BEARE B A s (5 R A A
THEE LG E RS AEmERE ] R A a7 KB N EHYEEE -

I=({{4

— ~ MR B BRI HAEE

MHEEPEREZAR A B(18 B SHF B E MR LIR - AR IERR A
Bl AR EARRE A o BERVEFLE - ACOHMNH B e AU s K AL
[ B MR - (HiE R & AR08/ KAY [ RGN 2 /KR (R HE/KCHIROH
G R N @A S & A A B s /KB - L - TP ATREEB AR A

AR M EITT Ry - BKCHME NS - SR - AHRR TR REZRER I /KM
AR KE B AR - (2 WIS AR B ey T 2 RS

7 BSCHE (5 12) 0 H 285-299 - JETEREARYE » fiam 00 8 AN LB SR R e 2\ T8
2 AR o M A AR LR R D SARRA MR SR i RE T - AR AT E AR G AR
AN[E] o B AR B R - A2 WA\ TR B RS REE 5 DA A E RN
o g DAHIETUSEEEY N TR ARG RO - BRI A TEE LG T GLUEZE
BEATHIETVUSEEEE RS - (HAHRAME SR A N DB A Ag B Ua L a4
ALFREVZE Foall| SRERHE FP H R -
8 Rb. Den Haag 2 mei 2020, ECLI:NL: RBDHA:2020:1878 m. nt. R.H.T. Jansen en M.D. Reijneveld
(NJCM/The Dutch State).
59 Report from the Commission to the European Parliament and the Council on the review of Directive
2016/681 on the use of passenger name record (PNR) data for the prevention, detection, investigation
and prosecution of terrorist offences and serious crime, at 7, SWD (2020) 128 final, 24 July 2020.
0 Meneceur, supra note 36, at 126-27.
61 David Freeman Engstrom, Daniel E. Ho, Catherine M. Sharkey & Mariano-Florentino Cuéllar,
Government by Algorithm: Artificial Intelligence in Federal Administrative Agencies. NYU SCHOOL OF
Law, PuBLIC LAW RESEARCH PAPER NO. 20-54 (2020), http://dx.doi.org/10.2139/ssrn.3551505.
62 BHY COMPAS 245 HUMHRE A1 F 5% - 1] 2 K Han-Wei Liu et al., Beyond State v. Loomis: Artificial
Intelligence, Government Algorithmization, and Accountability, 27 INT'LJ. L. & INFO. TECH. 122, 122-41
(2019).
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LR QIIYETEER

(1) EE RN E B B = REEE (A AT ARSAERE
fb > A G EE SRHY AT RENE) -

(2) "EEREAEVEE SR ) (EEAS > WRAEH T A
A EHORERS - B EE SRS RIS B RS R - (NI
Al T ERBEEE > IR le A MR EERER - DUE

63 BHKY difference maker Ay SCENGE - RIREUEMSFNELRABEOVRAsE R T ZREIEH » DA
AR T ZRBUEREE - TR - okl > KEmEEHEESE SR E A2 A
& PIAFBOAERIAT] » 17 87 > H 205 ~ 234 (2015 4F) o [ ZEBUSEE | R s Y ESS R4
MR -

¢ T A 72 Judea Pearl (£ EZRERTEATIEH ZEERFE |G - " ZR2ELEE | 26F
HEERE () SENER £ T 228053 | e AR/ A (intervention ) FCHETT
[RI 542246 o JUDEA PERAL & DANA MACKENZIE, THE BOOK OF WHY: THE NEW SCIENCE OF CAUSE AND EFFECT 27-36
(2018).

8 See, e.g., Fleur Johns, Governance by Data, 17 ANN. REv. L. Soc. Sci. 53, 53-71 (2021).

o6 IR Ry REUEEEN TR > tiER T AN E RSN HE ) (difference-making-
based theory of reasons ) - EEFIZ £ —FHIELES - LR EREN A SR - 552 R E0E
1 (5k44)> H325-

28



10

15

20

25

30

e A SR T

fem EE AR T EMERVITEIEE -

(3) B "EE RER BB SR AR FVEEAE T A ERT R
B IReE ALY AR T e sRT IR | > DU T k4G o i pRa LAY
N A IERIT(E B L vl aE | B DR R AR E RBUIEERTG
DUBCATHYFLRE - ¢

(4) HIAL(3)AY 2= R EUE R EAE IR TIE K S e FTRE B S IR B e H Y
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Rl AFRriEcRE ) RUATEA: T I EEESAE U | 45 RIS L DI
R BEBRH I ZREEER G LILHIERE -

(4) IR EIUTRR (R RISy (RS Aiak(3)
7= REGE R E R A IEZ T EATETA AR A L TR AR
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PRS2 EHAERE M S RE D RIE B8 At b (T3 HHAHRE M &
aflef o TR ) HERHUETERIMERZER] (A 1TERI ] DAR S e E HAYEY
SR ATREME (BRI ~ FREFIE) 09178 TBE - BRI A8 - Hitdesii
th BB RS R DA E -

= BB RGENRIRTETHRER

7 TELL o T EAMRMEEE | EEEN T4 THEAHNEE | (reason-giving fact) - & 1] DUH(E
RER A BB R EE LIRSS - BN THEE B TS TEHBENEE ) WES o B2 R
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AT =&

B RIRESERRRAE R M & SN BB A TE R B M o] R - s
BRI R BB AERA M - BN TE NSRRI AIEEA > Bl o il
B xR AR RGBEENME R TERFEARRNME—5 - WIERFTBEAEVEE - &
AR PR SR R 0 [ U AH BRI e S 3 HE L AR I 2R 2 A
GRS EHIRE S (field experts) MEEA "IEHEZEM | (non-
intuitiveness ) » ¥—f AT = B S BTEEIFEN T Bl

( opaqueness ) - SStHEE & NS ME MR I E— P AlE AN T{TEIH |

CRRITEIFTRIBN T 2 RELERE ) [EARZIBE TSR » KRk RE®
AR Fs NHL TITEIERE | AVRER MR A E A T EHE AR A
4 > PRARREFRE: TIRSRITE) ) FEOERTE » RACEBCARITEIR G T AN o] R

68 235 W. Nicholson Price Il Jz Arti K. Rai R 2R B2 H B M E— P @ oy (18 &AM
(complexity ) ~ (4552 ) FEEEM: (non-intuitiveness ) B ( 2:47) tR& 14 (secrecy) =3 = W.
Nicholson Price Il & Arti K. Rai, Clearing Opacity Through Machine Learning, 106 lIowaA L. Rev. 775, 784-
88 (2021).
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ZIEBER ) HIWEERE o WA G A TR ) ATEERY BB
RO AER AR T RO Bl ) A AR SUE LS 1R
Jifz o tAEA R TR TSR, TR R R T ORISR ) AR
o B Em B EAE Ry TG B TAHBEIME R RS ) AR
T BA DRSS -

B WSS E TR IEHAHRI MR ERBRE I RE - EECARITEI BRI ]
FEREME o a2 B YA S BB SR E RS E R E(E T ) TR TA
F > TAEERIERE (A S E DS MY ELM TR 80574 - HUSERSNERR (B0
AT RE RS ERER ) DSt MRS B Fridi 2 AHE M —2
SERRIA SRS > 72 A FIIS S o B DL B aa i B i i R (R B S i A B
MAREZERHE - Gl - T DN E RS T EER A IRER, BT
IFE SR TR, R HERATE AL - RS E SRR " RS

8 RENMEIRE R Ay —R SR alts5 2 R Jane Bambauer & Tal Zarsky, The Algorithm Game, 94 NOTRE
DAME L. REv. 1, 10 (2018).
0 ERSEEIEmIRRR R . TR ) BREERCE (E A TR ) (secret) — gAML INRURIE S AIHEL
SERNTEEEEEIRYFR 2 > 540 Joshua A. Kroll et al., Accountable Algorithms, 165 U. PA. L. REv. 633,
657-60 (2017); Price & Rai, supra note 68, at 784 » {Hl R AR EEAIE Sy TSR TEIFE TS
i, BT BRI TEIE R R E VRSN ) (BT ) 2 - AR T ORISR
(strategic opaqueness ) —&a F UG fyit et R mbs s ARy T ORSRITEIEE FHREG , 755K >
DAERIN S LR EE R T2 2 D BB SRS TR R A EA "% | -
7 AR MBI S Frank Pasquale fiTf T EIE FAVRAE | (real secrecy ) B TAMEE FFRE
(legal secrecy ) WifE[ETE - PASQUALE, supra note 54, at 6-8.
72 BT A B E RS T AT TR R e 0 A2 R MR - sRAk i (5F 63) 0 H 246-264 -
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E DA S er i MHBEMEE R T SRBSEEHE | (A TR E LGN TR
{TENER | CRRITEIFTIIENY [ 2 REUEEE ) A AR > mHERNE "X
EREREEEIAE | AURE TIASRITEIEE ) AR AE - EWERZ EMHEMR
RN TR E LGSR RITEIRE: T /MR T AR | AR o PR DAER -

CONER I fRRENE ) 2 TASREEMIAR ) B T AR TR R
B EMERZATRER o MRS T E L4 RS T8 AT AR B
THNETRTRERENE | RN R R AR S B E A R RS RS
ST CRSREERSANERE) - FIFH RS TTEER CHRRE R AR) o BB
JE > AEAEE IR T ESE A T AR | (right to explanation) BGER T 240558 & 81
HEE TR SAHLRE > BRI SRR A TR E AR
ZORSRATENRE, T AN OT R | AERSE © 73

FMAEIR - 2B ENFERE AR S E RS ERE TR
RITENER | R BEREE > WIERRER I A B TERE SR FTaldEE > s
(BlaeEs LR SR A B E LR ) Bibgss ki TE (hpTiesk
REEE B ZRER  BEAENCE—E R TRERE > DIEEES TR
SRATENEE | - fla0 > FIEARERAGFHEESEEE N AREASFHE 2 E
AT E I EEE = EaR RS > T DUEER N TS AU RSRITEIFTRIEN T 2

HREUEEE | (HRBAMER) EITHEAR] (exante) B(FE% (expost) HIAFhER
g o UM A HECRASEEREE (accountability ) FYEFIE L o] ST EE L i

P HHEEANEEIMEELIRER "R R B S AR DL R A R el S R
B BNEEROAEE SHEwE - PIERE - Al TR AR R R A HEE » B
EEOEEREERTE > 5) H4ETH] > H 931-972 (2023 4 ) Margot E. Kaminsk, The Right to
Explanation, Explained, 34 BERKELEY TECH. L.J. 189 (2019); Sandra Wachter, Brent Mittelstadt & Luciano
Floridi, Why a Right to Explanation of Automated Decision-Making Does Not Exist in the General Data
Protection Regulation, 7 INT'L DATA PRIVACY L. 76, 79-90 (2017); Kiel Brennan-Marquez, “Plausible
Cause”: Explanatory Standards in the Age of Powerful Machines, 70 VAND. L. REv. 1249 (2017); Andrew
D. Selbst & Julia Powles, Meaningful Information and the Right to Explanation, 7 INT'L DATA PRIVACY L.
233 (2017); Sandra Wachter, Brent Mittelstadt & Chris Russell, Counterfactual Explanations Without
Opening the Black Box: Automated Decision and the GDPR, 31 HARv. J.L. & TEcH. 841 (2018); Boris
Babic & I. Glenn Cohen, The Algorithmic Explainability “Bait and Switch”, 108 MINN. L. REv. 857 (2023).
BT T fRRRRE | MR T S RIS BT A B EE HE R A - A F
OGO T ARERENE | BARISRES - B T ERRERITEIE R E OISR, , AR —
FETTH - AEEA TISRITEIE VRS, MEAIEERIRE -
™ BB RS % (Digital Services Act) BISEERES 40 5R55 3 THH FE TR 12 T B R FHEIR -
BES 37 (RaR T ENE B BTt 8 =7 T 1IMEH% (independent audit ) FEEHYEE EHEHIIE
=, » Regulation (EU) 2022/2065 of the European Parliament and of the Council of 19 October 2022 on
a Single Market For Digital Services and amending Directive 2000/31/EC (Digital Services Act).
7> See also David Freeman Engstrom & Daniel E. Ho, Algorithmic Accountability in the Administrative
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1y T SRES PR ) RORE - RIEBL R BT S R E R 4 - BEDUFE B AR
T UARRERE | BGERT TR ) MR o RTRESHVE o T RISREE R
REAT — B N A BRI T RE - M0 T AR | BN T RS, fERm| L
ThENfER T BRI HY T SRSRS M MR - EARRME TR R N B H
EEDLSCEAY(E AR (immutable characteristics » FIA0fERE ~ B ~ MERIE) 52
H A Rl NN BIRE BRI MER ZR (FIa0 - (EAERRE ~ RAEARR
%) AFIEE GRIAEMRE) A\ TEEASNTHAERTTENA RIS RA A
(& NS SR EE S e RHEER 2 E A TEN AR - WA G R a AR TE)
kG "R o AR Fra iR av R M E R (EA T E RSN
FRITEE (P ERREEE ) YRR  FEE N T E AR
ACERHY T TRAEGIE A ) o R RAUESERRIER TR | B T R
% EEvR T ERESEERE ) ERORSRITEIRER T AN TR HURERE - 1
w=IE TOREE ISR ME ) M LR TAEIRMY - alE T AR B T TEH
PERIE M ) SLGAFAYZER » R > BRT T RIS IS E ) T Lo p B
HERASN - ARSI T E LRSS E T B TSI A TR
B TR E Y ) B AEEE R ERSE AR T EEA

"fErERE | SGERDIGISE N RS ) MDY - S o TR
2\ T RREERTS ) ] A R MR SR AN TR A R R M R e T BE T
FECERIRTRE > AN FRAE T FENIERIE R ) BUAEE0R TEREER ) RAE e
B4 o

(=) BERGURAVTEIGHE (S DA IR R E
MBS TR B RGN R TN 55— (BRI E 28 R SR ITE)

DL THER ) Mo FREE IR SRBE R F Rl T ORSRITENEE D |, - T iR ) BRI SRAT
B AT E T ARAY PR R B A AR R DA SR TEN R TSNS TR, AR

State, 37 YALE J. ON REG. 800, 828-54 (2020); Shea Brown et al., The Algorithm Audit: Scoring the
Algorithms That Score Us, 8 BiG DATA & Soc'y 1, 1 (2021); Ellen P. Goodman & Julia Trehu, Algorithmic
Auditing: Chasing Al Accountability, 39 SANTA CLARA HIGH TECH. L.J. 289, 306-14 (2023).
6 PR RRERE ) (RIRHLERE TSNS T RIERSRAVEIEAERE | (ex post explanations of
specific decisions ) - See Wachter, Mittelstadt & Floridi, supra note 73, at 78.
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RMABRTINGET IR E K > SRR RN TUTREEIEAGEIERE L - M55
AFERILSREE | AVEEIFEHEC AR - mRlEE B Aeahail (24 oo faka)
SEEMED (e XXRE) HUEEER KAEE T 2717 RPTiE R E E bR R H]
&7 > HARFTREDZILIHRIER AT LGN - — MR RIILEIT REE
pas R A BRI E R TR ST (causal power) B¢ T 72 RELERES]
Fyh B > TETTREAERECRTT Ry AT R4S SRV PH B m] A I LA SRk o T REE
HYETEE NamEr IR R - NICE BRGNS Ef B M E S A TE S A
SAIHERTEM » 1F RG b fUTatd B RV - [t Rah S M -

M - FEFRIMER S EA R ES S B Fr st AR - SR E SRS
Y AT REETTARRTEMN - TEIM A A E AERL S5 R nT e S8 A p MR E R B TR
o AIEARIPHY (prima facie) S o FHINE AT BEERE BT
BUET - B0 > BRBHEITEASS 6 755 1 115 1 JUE » BENAHIGHTE
EEEAZ G BRI IS AR ESE - FEEES T A
B R A BVESE 18 fREE 1 TESE 3 FOHE » AR EHEIN G ~ A7 asinitk
2Bt BREBERIINEAAE ; 585557755 156 fRIMUE - LE TR
REAERFR G L2 AERE S - #AEEREENEZETGIRFEEEES
W R FaSFEI LR 2 BEE - Ui EEAS 15 RS 2 JEME
BTSN 2SR EE > SO TR IR E Il Z By - o TERR S
PR SRR O S © RIEERSEASE > (R SR ERE /TR A A
FHMARACH e b 5% A= v REME RAR M VERCA SRR - BIAITALASS 89 /25 1 1M
E o NEEALTE - s HEREERIL A FILZEE - IHZEdTHT - A
MERLAT > FELASEA  FRIEEFEATASE 101 (555 1 1755 3 FORE » AU Ry A
HITAELL EAIHEN 2 B3R > AAREEERAART - B - hid - 8588
A RIUEGE AN Z R - JET R > BERETIEST » FHEE T > S

7 {EAERAME SRR - TR e ER T DM A T BB T A LIS BRI NE R (B2 bE
HEERNGEE) AOETRE M - NiMEH A TEZLG AT EA " HEEEMESIEE | 55
57 o BEFAFERS M LR SV IE B - 595522 R PERAL & MACKENZIE, supra note 64, at 5-6, 82-84.
R T OE R RRRES ) B T AR RIS A B E RS 0 sh2 Rt
BmZeEEEANER et —LURRE S ME KL WR  iE%RGE  Bmiei
F7ERCE 0 H 149-206 (2020 4F ) ©
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2 FIESFRAESE 101 2 1 HUE » FrelBIR 2 SO ERR®R - s
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2 HASS 77 1RES 1 TE R 2 TERUE 2 T ARG EEE > &8T
—EFIEAR - SRR IR EEA T - FER(ERRE - EREEIRM
Pzt et o eSS EFIUERAREERFREE > RIASER - PhEik
HEEFHIM AR @ RN R MR B R E VS (precautionary ) &
#l ~ REEEHEMNA BN - IR L S A ERREHE AN E > FIt#
PREE TR 2 AHRAMECIE e Digh T A ) R DR R By T = A
EEEE | M AERIEF R TEE R - Al " S (RESEEE SR
HIFHRE M L B E TR E M SR T E SR BT » 8% T &3 ) i bk
"RERT ARG E RERS AR R R SR T R IR RS, DI T ERGE G E
CREEAENT A AT INERTT(E B T AE | IUBEREZ RELERE > ML ERE
EERAREAE -

PAMIER I FEAERGIRANT Bfae)b GERMERTENERIRE ] - BNAGT K
R PEHUPRE, - 1R S BB M S5l RE T o N T S A B it L i
RIS - AR @I UG e - 3 DU BRI = (B R
E

B Has e E Pt e av RO H R I & SR ] R A AR HR BE Ay TR A SR

(Bl S FEE HIEAR P T EUARAE ) - AlEHEZE R T RRITEHEH

EMEANTEELRG A ARARTE AR ENVERENE "8 rEE
(adjudicative facts ) 8 > PMEAZEFELEEMEAE T TEAIMERBREAGEE ) 26
U o (R BE FLE T E R R A HET Y SyRI 24t ~ BREEFEISHY iBorderCtrl Z541,
#B Ry IEIARE R 2 S0 T SR BB 3 N 2 R E B A E EMAIES £503E
HYEREE T (the gravity of the offense ) ~ JUSE{T s AR B HIRFE (the character of
the offender ) » DR R /\ R 222 HYEEDE (the need to protect the public) » 81H7[A

& VAR FH COMPAS BRES ORI 5" FHALTIRENE (DATE R B B2 E {IEN
828t I COMPAS E B(ERCE AT E B LASR - v B R #E B AH R P TEDRIAE 5
ETREEFIEERNE GUENFE TR AR REAR LT EEEMNES)

?LLTZE ) BRI ARERHE S E] 2,741 RSO IR 2 A TBE 1
j{ o
80 BEGN THIREE | AVERHHEE 2 R Kenneth Culp Davis, An Approach to Problems of Evidence in the
Administrative Process, 55 HARV. L. REv. 364, 402 (1942); GISSZHE » #i720&1Y (T134) BE - HAE
SREEAT HH ER B TRy T RE A I SRR S 584 PEMAFE » F IR E A REEEGRE » 37 5 2 1
B 233 > 244 (2008 £F) o
81 Wisconsin v. Rodgers, 203 Wis. 2d 83, 552 N.W.2d 123 (1996); Wis. STAT. §973.013 (2023).
82 BHN COMPAS 7 #E—5ER BH K7 BT BF 2% )N ZE State v. Loomis HYEFE » 5522 . Liu et al., supra
note 62, at 126-33.
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HEMLASR > DIHIEW A GUEE FA 2 A 2 BB SRR - 8O TH
A TEE M EAE By o MRS AHRE M 2SR RE 1 R B A TR R SR Al iR
SRITENE AT - VAL BEA TR AR R E R EE - M - EfkesE
BB IRAE IR AT T RS TE I A SR AE ) BE > AR
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EEE - AT IDEE RN It EE A o 8

F= o RIS ENHEBIME SRS PR T REI N AS — M I A R 2 4h -
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MFRERIPAVILARER  ERERUE BBV T ATTEIRISRCE (T - fif
SIEk P I A R A B R AT G SRR aE R e — BT R R e A e
A Eahktt - NIER T I0E DB 2 Eh o B e R E Pl
FEGHEHAREME TR - S EETETRERE - MIAZSHHRE
AR REHE AT B2 FE R - HREERE (AT LRI R BTy - [EATEEGER
e BAERANY TR BT EREUSRET) o A REET B AB T RS
REAEETHR I pe M Bah Rt e R MERYIE L T ZEROHEMRIE AT R
HEY - EA0REC - N A B i as 52 38 Fr S8 AR M2 A e i e
FIUSERRE R - ERUAIMEE fIT AR E LR B A AR SRR AT E M E
il > PREFERIE T AT - ARSI ERE )T - IR EENE
B AR EAEREYHY T 56 ) FEO O E REE I E R ZERE
o GIEREE T AR ORI A AT SRR SRR TR B Y - Tt
TR RS 2 2 AHRR M S8 pe DM T TR T 20 - S8 LB A aiiss —fd

TETILEE N ) ZIERDTEE—TERRELAR - il S N TR RUARI Y
HABE M SR T S AH A M e 2 A 2 1 SRS PR R e T g e - RITH
AZERIHET Y " BERREAME ) AR S T AR E AN BEREES

8 EREHTR N ERFE - PER TR INERIES 2ILTRT R ARSKEILER - 3258
FERERETT A TROFENEEFEA - #ERmses - B EA R #E -
8 BERS T IDEEH ) MRS SGRIE » 2 RO (51 80) 0 H 239-257
8 FH{LIHVEIBL S5 27 Frank Fagan, Law’s Computational Paradox, 26 VIRGINIA J.L. & TECH. 1, 18-28
(2022) -
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P T R BERR A - 1L BE PR T B P S R AR S (LR AR M e il A
VG o SRR R SO SR IR R B B —20 73 Ry AT W {18 £ 22 5m ik

(B E S B A S T TR 2 T SER e o M0HS HH R (AR
FOHZER " REEE L | BV EFEOK - NGRS - HEs 2 EiE e E ] e Falll 4R
BRI AN - ERVEEAR S « BEAEER I - MERGE T HETEcER 1Y
% | (statistical or computational bias) [/E » BcE R A E R EIEZLH_ERY

" N Ryfmast ) (human bias) REEE - 87EEF FHARRA M & H B H S T TR
H T REE A N IERERVAE S - R IEMERVTENINE R " REEIE | 1V FEER -
FRAE B A FEOHIZE 1] H A9 2 22 Bl R T BB - PRIBE el N T2 L 4hi 8
FHTES ~ B4 - FESTEAERSS (Test, Evaluation, Validation, and Verification, TEVV ) &
B% » EFR{RER DR S e OrTEDAIEY TR - S8 e TRURIAS SRAVIA 5 M B AP e —
HHVSERLLOIEA F S R MR RS E R ERE » PLUNE T HE MR &AL
REDR > [EE RS TEE 2SR 8RR L Z R -

FEEmRAILL TR ATEE I Rl B SEHBE M AT e SR =
PUSEE > Mo H TR S IENE - JRERF EORE IR RIS S AZE 1R T Al 5E
T BEEG (DISORERE ~ MERD) BYECE T ZHIEFF ) (disparate treatment ) 15 -
2 B el S i ] S A R T T AL T b m] e MR T4 R EE - e T A
1ETSE MR ) AUSPERARIREAR T - — B RIF (SR B R B i T wl5esy
FH ) 1F RS0 BINERZ V4 A (LN TEOR IERERRER - (DRSO ANVECR T 22 5%
fF ) AR - pUER T IRA R NN BRI SESE | IR EUET T Bl

8 See, e.g., Julia Angwin et al., Machine Bias, PROPUBLICA (May 23, 2016),
https://www.propublica.org/article/machine-bias-risk-assessments-in-criminal-sentencing; Melissa
Hamilton, The Biased Algorithm: Evidence of Disparate Impact on Hispanics, 56 AM. CRIM. L. REv 1553,
1553-77 (2019).
¥ TasteuE R ERRER ) BT ARIRSR ) BRRESAEERITIHIERE (National Institute of
Standards and Technology ) #f A T & 248 o] REFFAE | Wk | (bias) WY =FE53 8 E YW
& > REVA SCHWARTZ ET AL., TOWARDS A STANDARD FOR IDENTIFYING AND MANAGING BIAS IN ARTIFICIAL INTELLIGENCE
6-9 (2022).
8 |d. at 20-31.
8 E23% Deborah Hellman 305y » DA{RE5 1E B AR — AV ELGIE Rffite - ml A DUE RIS — e
PG TR A A EERR: » BB EHEA EENRS > Hellman fi 5 " SRR (H
4 | Cerror rate parity ) » see Deborah Hellman, Measuring Algorithmic Fairness, 106 VIRGINIA L. REV.
811, 834-46 (2020).
% See Solon Barocas & Andrew D. Selbst, Big Data’s Disparate Impact, 104 CALIF. L. REv. 671, 694-714
(2016); Michael Selmi, Algorithms, Discrimination and the Law, 82 OHIO ST. L.J. 611, 619-32 (2021); Jon
Kleinberg, Jens Ludwig, Sendhil Mullainathan & Cass R. Sunstein, Discrimination in the Age of
Algorithms, 10 J. LEGAL ANALYSIS 113, 117-19 (2018).
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N AN EEE S s AT H 1976 ALV E TS ARy - Ak IRE A E IR IE B MHRERE
IEFENEMBUGIIE REE " IS EHVEGEE | (discriminatory purpose or intent ) » 7 HIl{£ 7
P& MR EE - Washington v. Davis, 426 U.S. 229, 242 (1976); McCleskey v. Kemp, 481 U.S. 279
(1987).
2 FAVERERAIE A DR ST EERN AR " TERIEGREN , 28R E5 S
st AP EE B E E AR DU R T R - MR RS R EETT 0 1
SPEMEmIHEERSTEE VERAEEAEA LVEE - WO - ZERSG > FAME I HERIE
%0 SEILER 0 H 286-293 (2017 4 ) 5 w=MATT » smre il s B R B2 RIS I R R (35
Bl = AT Ricci v. DeStefano (2009) [ » Hiftle 22 HHH] » 113 > H 43-45 (2012 4F) (DA
A EIETT » R BB R ) -
B BANERDE L T ARSI ) B T R SR — R MR A S ) 2 REIET 0 2=
Al BB R (5% 92) » H 22-33 -
B BN REALEREES LETRA TG (A EE ) 1Y T R (E B
) SRR 2 SR - REBE VSRR EER - U« 5DARITEGTA KB EE
& TTEGRARH A g E sk 0 H 61 - 155-169 (2022 4F) ©
* EERMEEFECHEBN T ENEE | (IR EEGAERER - BIFESE T REEHFRE I
HEEEL T T/EAHRE H2ERS EEE | (job related and consistent with business necessity ) » W B H:Ath
T e JE T EE M 2/ NIV L T ZE (alternative practice that would serve the defendant's
interests while reducing adverse impact ) > BIA[ IEE{EE B ZRIFEAIHEHE o See Selmi, supra note
90, at 636-44.
% FERGREGR 2 TEHBCENEN T » BEEZE L RH I EERR (CEERE) 2
EHROAE > DAMBEERERTER > HEh T TiEK TaimAFg, > BHENREF
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